HBMax: Compress-to-Compute for Influence Maximization
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* Reduces memory usage up to 82.1%

. . Block-wise workflow: warm-up, sampling-encoding, selection
« Speedups 6.3% (in average) than Ripples.

Ok

[m]=a

* The dynamics of viral marketing, Jure et al. 2007 https://arxiv.org/pdf/2208.00613.pdf




